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Multimorbidity or co-morbidity is defined as the co-occurrence of two or more 

chronic conditions in an individual. This paper analyses the prevalence of 

multimorbidity among women of reproductive age in backward districts of 

India. Multivariate linear regression is applied using the enter method to study 

factors independently associated with multimorbidity in women of 

reproductive age (15 and 49 years) in 75 desertified and degraded districts of 

India. Separate regressions are performed for women in both the rural and 

urban areas. The findings of the study reveal that the weighted prevalence of 

multimorbidity among reproductive women is 17.2 per cent. Further, 

regression analyses show that, among all explanatory variables, ageing and 

high income strongly affect multimorbidity among women aged between 15 

and 49 years. However, the adverse effects of land degradation on 

multimorbidity could not be confirmed. 
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I. INTRODUCTION 

Multimorbidity or co-morbidity1 is defined as the co-occurrence of two or 

more chronic conditions in an individual. It is widely prevalent among the elderly 

population (The Lancet, 2018) but is not limited to the elderly (Agborsangaya, Lu, 

Lahtinen, Cooke, & Johnson, 2012). Over the years, the age-standardised 

prevalence of multimorbidity has been increasing (Allison, Lisa, & Kim, 2017). 
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Ageing, changes in food consumption patterns, changes in lifestyle, and low 

facility of healthcare centres to meet the challenges of multimorbidity are the main 

causes for aggravating the problem. Urbanisation, increase in the prevalence of 

non-communicable diseases (NCDs) such as hypertension, diabetes, etc., and high 

body mass index (BMI) are also important contributing factors to multimorbidity. 

That is why the high prevalence of multimorbidity is observed in high-income 

countries as it has been associated with a higher level of development (Garin et al., 

2016). As estimates of multimorbidity vary with the methodology used t, there are 

discrepancies in the estimation of multimorbidity. 

Environmental factors influence the health conditions of people. Several 

studies have shown that the association between environmental degradation and 

diseases (Pimentel et al., 2007; Myers et al., 2013) is crucial because of the 

importance of the natural environment for both the survival nutrition and control 

of diseases. The association between deforestation and malaria is a classic example 

of how environmental degradation affects public health (US AID, 2018). Changes 

in land use, deforestation, mining and quarrying, growing population, urbanisation, 

and increased commercialisation of agriculture are the main factors that contribute 

to global environmental degradation as a result of which three-fourths of the 

Earth’s land is degraded (Scholes et al., 2018). Land degradation in drylands (Arid, 

Semi-arid, and Dry sub-humid areas) affects roughly 2-3 billion people in the 

world – more than half of them are women and children (Scholes et al., 2018; 

Samandari, 2017). Moreover, land degradation in both drylands and non-drylands 

poses a threat to global food security, sustainable development, conservation of 

nature, and adapting and mitigating to climate change (Laban et al., 2018). Many 

regions in  Africa, Asia, Europe, and North and South America are exposed to the 

threat of land degradation. Of the 80 countries substantially affected by land 

degradation, 36 are located in Africa (WHO, 2015). In Bolivia, about 70 per cent 

of the geographical area is degraded, which is 29.3 per cent in India (Space 

Applications Centre, 2016). Responding to the gravity of the problem, the United 

Nations has acknowledged land degradation [see target 15.3 in sustainable 

development goals (SDGs)]. 

Land degradation affects the health of populations globally (FAO, 2015). In 

particular, land degradation in drylands in the form of desertification, affects the 

food security, nutrition status, and livelihood security of millions of people in 

Africa (Swift and Saulle, 2015; Mahamane et al., 2016). Besides, a loss of a “sense 
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of place” or identity, depression, and emotional stress have all been associated with 

people experiencing degradation of the natural environment around them (Myers 

et al., 2013). Land degradation also increases the threat of malnutrition and 

infectious diseases (Were, 1989; Barrow, 1991; Gopalan, 1992; Desai & 

Subramanian, 1994). As M.S. Swaminathan rightly said, “soil anaemia also breeds 

human anaemia. Micronutrient deficiency in the soil results in micronutrient 

malnutrition in people, since crops grown on such soils tend to be deficient in the 

nutrients needed to fight hidden hunger” (Swaminathan cited in Food and 

Agriculture Organisation, 2015). All these indicate that land degradation affects 

physical and mental health, meaning that land degradation and multimorbidity are 

associated. 

Alterations in a natural ecosystem have been increasing due to natural and 

anthropogenic activities. Drought, land degradation, and desertification are grave 

outcomes of this alteration. It raises some important questions: what is the situation 

of the prevalence of multimorbidity in women aged between 15 and 49 years in 

desertified, degraded, and drought-prone districts of India. What are the major 

factors associated with multimorbidity among women? Therefore, identification 

of an association between DLDD (desertification, land degradation, and drought) 

and multimorbidity among women has become a new subject in disease ecology 

and environmental health areas. 

II. ANALYTICAL FRAMEWORK 

There is an inextricable link between land degradation, disease, and 

psychological problems. Figure 1 shows that land degradation causes moral 

deterioration, depression, emotional stress, and a loss of a “sense of place” or 

identity (UNCCD, 2017; Myers et al., 2013). The deterioration of resources 

through desertification can contribute to psychological problems. In other words, 

land degradation affects both the mind and the physical health, in terms of 

malnutrition, anaemia, infectious diseases, and lung/respiratory diseases 

(Manikandan & Joseph, 2022), of the population. Thus, the analytical framework 

presented in the paper offers new perspectives onto future research to be 

undertaken by social scientists and health experts, through a methodology adopting 

from the environmental health and disease ecology, in an interdisciplinary 

perspective. 
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FIGURE 1: Pathways of Impacts of Desertification and Land  

Degradation on Human Health 

 

 

 

III. METHODS 

3.1 Data Sources 

District-wise data of the desertification and land degradation were taken from 

the Desertification and Land Degradation Atlas of Selected Districts of India 

(Based on IRS LISS III data of 2011-13 and 2003-05), Volume-2, prepared by the 

Space Applications Centre (2018), and Indian Space Research Organisation, 

Ahmedabad under the Department of Space (DoC), Government of India. Multi-

temporal digital IRS LISS III data, ancillary information, collateral data, and forest 

cover layer of Forest Survey of India (FSI) were used to construct district-wise 

status maps of desertification and land degradation. Additionally, limited field data 

were used to support image interpretation (Space Applications Centre, 2016; 

2018). Socioeconomic, demographic and health variables were taken from the 

National Family Health Survey 2015-16 (NFHS-4), a nationwide survey 

conducted by the International Institute for Population Sciences, Mumbai, India, 

under the stewardship of the Union Ministry of Health and Family Welfare, 

Government of India. District-wise data on agroclimatic conditions were taken 
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from the District Database of Agricultural Statistics: A Database Management 

System published by Central Research Institute for Dryland Agriculture (2014), a 

premier research institute under the Indian Council of Agricultural Research 

(ICAR), Government of India. 

3.2 Sample Size 

After omitting missing values, a total of 80,184 women were included in the 

study. Among them, 59,460 are from rural areas and 20,724 urban areas. The age 

of these women ranges between 15 and 49 years. 

Flowchart 1: Selection of Samples 

 

 

3.3 Estimation of Multimorbidity 

Multimorbidity has been defined as the coexistence of two or more chronic 

morbidity conditions in an individual. In this study, we have taken four NCDs i.e., 

hypertension, overweight or obesity, diabetes, and anaemia as the morbidity 

conditions. Anaemia is a condition marked by a low haemoglobin level in the 

blood. About 54 per cent of women in the study population had some degree of 

Total districts = 640 Total women samples = 

699,686 

NFHS 2015-16 (NFHS 4) 

Selected districts = 75 
Total women samples in 

selected districts 80,184 

Total women samples 

in rural areas  = 59,460 
Total women samples 

in urban areas = 20,724 
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anaemia (haemoglobin levels below 11.0 g/dl). An individual is identified as a 

hypertension patient, if s/he has a systolic blood pressure level greater than or equal 

to 140 mmHg, or a diastolic blood pressure level greater than or equal to 90 mmHg 

or if the individual is currently taking antihypertensive medication to lower her/his 

blood pressure (NFHS 2015-16). About 11 per cent of the study population is 

identified to be hypertensive. All the women aged between 15 and 49 years, who 

are not pregnant and who have not had a birth in the two months before the survey, 

and who had BMI (kg/m2) 25 and more, were considered to be overweight/obese. 

About 18 per cent of the study population were identified to be overweight.  A 

woman is classified as having high blood glucose if she has a random blood 

glucose level of 141 mg/dl and above. In this study, we have considered that all 

women whose blood glucose levels are high or reported as diabetic during the 

interview were identified to be diabetic. About 7 per cent of the total women in the 

study population are identified as diabetic. Overall, 17.2 per cent of the entire study 

population had two or more morbidity conditions and were identified to be 

multimorbid in this study. District-wise prevalence of multimorbidity among 

women aged between 15 and 49 years is shown in Map 1 and Table A2 in 

Appendix. 

3.4 Selection of the Districts 

As mentioned earlier, the Space Applications Centre, Ahmedabad, has 

prepared the desertification and land degradation atlas of 76 districts and two sub-

basins (Nubra and Shyok, Leh district) in India. These districts and two sub-basins 

were selected from all states based on the lists of districts identified as drought-

prone districts under the Drought Prone Areas Programme (1973-74) by the 

Department of Land Resources (DoLR), the Union Ministry of Rural Development 

(MoRD), Government of India and the concerned state departments or institutions. 

From this Atlas, we omitted Pathankot district and two sub-basins due to a lack of 

data in the NFHS 2015-16. The Union Territories (UTs) were also removed from 

the study due to a lack of land degradation data in the SAC’s report (2018). Thus, 

a total of 75 districts from 29 states were included in the study (see Map 1 and 

Table A1 in Appendix). 
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Map 1: Selected Desertified and Degraded Districts in India 
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3.5 Statistical Tools 

Multiple linear regression was applied using the enter method to study factors 

independently associated with multimorbidity in women aged between 15 and 49 

years in desertified and degraded districts of India. The weighted prevalence of 

multimorbidity at the district level was taken as a dependent variable. Land 

degradation, socioeconomic, demographic, and health variables at the district level 

were taken as independent variables in the regression model. Separate regressions 

were performed for women in both the rural and urban areas. Regression 

coefficients and statistical significance (p<0.05) were tabulated to present the 

findings. 

IV. RESULTS 

The prevalence of multimorbidity among women aged between 15 and 49 

years is 17.2 per cent; it is 17.2 per cent in degraded districts and 16.9 per cent in 

desertified districts. The prevalence of multimorbidity among women in urban and 

rural areas is 23.8 per cent and 14.9 per cent, respectively. The difference between 

urban and rural areas is unusually high. Table I shows some interesting patterns: i) 

the prevalence of multimorbidity in women increases as women get older in rural 

and urban areas; ii) the difference between rural and urban areas in the prevalence 

of multimorbidity in women is low at various age groups; iii) the prevalence of 

multimorbidity increases as income level goes up in urban areas, and iv) three-

fourths of rich in urban areas and two-fifths of poor in rural areas have the problem 

of multimorbidity. 

TABLE I 

MULTIMORBIDITY IN WOMEN AGED 15-49 YEARS IN 

URBAN AND RURAL AREAS (%) 

Socioeconomic indicators Category Urban Rural Total 

 

Age groups 

15-19 4.0 5.7 5.1 

20-29 19.4 21.9 21.0 
30-39 34.7 33.1 33.7 

40-49 41.9 39.3 40.2 

Education level No education 17.8 36.4 29.9 
Primary 13.6 14.6 14.2 

Secondary 51.8 42.4 45.7 

Higher 16.7 6.6 10.2 
Social groups Schedule caste 15.3 20.3 18.5 

Schedule tribe 6.2 14.0 11.3 

OBCs 54.3 44.9 48.2 
None of them 23.8 20.4 21.6 

Income level Poor   6.6 40.1 28.4 

Middle 17.1 24.6 22.0 
Rich 76.3  35.3 49.6 
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The prevalence of multimorbidity in women aged 30-49 years is more or less 

equal in rural and urban areas. Besides, the prevalence of multimorbidity is 

unusually high among women belonging to OBCs in rural and urban areas. 

Strikingly, the prevalence of multimorbidity is low among higher educated women 

in rural areas.  It is attributed to two reasons: i) higher educated women are less in 

number in rural areas, and ii) migration of educated women from rural areas to 

urban centres is increasing. The education level of about 52 per cent of women 

with multimorbidity is secondary in urban areas. Table IA shows that the 

prevalence of multimorbidity in women increases as women get older and income 

level goes up. 

TABLE IA 

MULTIMORBIDITY BY AGE AND WEALTH CLASS (%) 

Wealth/Age (Years) Multimorbidity  

No Yes 

Poor 
Age 

15-29 93.2  6.8  

30-49 82.4 17.6  

Total 88.1 11.9  

Non-poor 
Age 

15-29 89.7 10.3  

30-49 68.8 31.2  

Total 79.2 20.8  

Total 
Age 

15-29 91.2  8.8  

30-49 74.2 25.8  

Total 82.8 17.2  

TABLE II 

REGRESSION RESULTS OF MULTIMORBIDITY FOR ALL WOMEN IN 

DEGRADED AND DESERTIFIED DISTRICTS IN INDIA 

Model 1 Unstandardized 

Coefficients 

Standardized 

Coefficients 

t Sig. 95.0% Confidence 

Interval for Beta 

Beta Std. Error Beta Lower 
Bound 

Upper 
Bound 

(Constant) -22.810 6.319  -3.610 0.001 -35.423 -10.198 

30-49 age group 0.630 0.125 0.525 5.048 0.000 0.381 0.879 
Non-poor 0.106 0.026 0.450 4.065 0.000 0.054 0.159 

No education 0.105 0.044 0.262 2.369 0.021 0.017 0.194 

Land degradation -0.006 0.026 -0.021 -0.234 0.816 -0.057 0.045 

Dependent Variable: Multimorbidity. R = 0.710, R2 = 0.504, F (4, 67) = 16.998, p = 0.00 

Regression has been performed to study how explanatory independently 

associated with multimorbidity in women aged between 15 and 49 years in the 

desertified and degraded districts. As can be seen from Table II, the three 

independent variables in the standard model are significantly predictive of the 

multimorbidity to the ANOVA statistics [F(4, 67) = 16.998, p<.05]. In the standard 

regression analysis, the model’s degree of predicting the dependent variable is 
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found to be R = 0.710. The model’s degree of explaining the variance in the 

independent variable is R2 = 0.504. The coefficients indicate that the model 

predicts the dependent variable (multimorbidity) very well. The absolute value of 

β  in Table II indicates the order of importance of the independent variables. The 

variable with the highest β value is the relatively most important independent 

variable. The standardized coefficients β show that the prevalence of 

multimorbidity among women aged between 15 and 49 years is found to be 

significantly explained by 30-49 years (β = 0.525, p<.05), non-poor (β = 0.450, 

p<.05), and no education (β = 0.262, p<.05).  Examining the contributions made 

by the independent variables in the model to the model, it is found that the 30-49 

age group (β = 0.525) has made the biggest contribution. 

TABLE III 

REGRESSION RESULTS OF MULTIMORBIDITY FOR RURAL WOMEN IN 

DEGRADED AND DESERTIFIED DISTRICTS IN INDIA 

Model 1 Unstandardized 

Coefficients 

Standardized 

Coefficients 

t Sig. 95.0% Confidence Interval for 

Beta 

Beta Std. Error Beta Lower Bound Upper Bound 

 

(Constant) -14.140 6.226  -2.271 0.026 -26.567 -1.714 

30-49 age group 0.465 0.120 0.418 3.888 0.000 0.226 0.704 

Non-poor 0.104 0.025 0.453 4.082 0.000 0.053 0.155 

No education 0.050 0.042 0.141 1.212 0.230 -0.033 0.134 

Land degradation -0.008 0.027 -0.030 -0.309 0.758 -0.062 0.045 

Dependent Variable: Multimorbidity. R = 0.657, R2 = 0.432, F (4, 67) = 12.752, p = 0.00 

An analysis of Table III made it clear that the two independent variables in the 

standard model are significantly predictive of the dependent variable 

(multimorbidity) to the ANOVA statistics [F(4, 67) = 12.752, p<.05]. In 

consequence of the standard regression analysis, the model’s degree of predicting 

the dependent variable is found to be R = 0.657. The model’s degree of explaining 

the variance in the independent variable is R2 = 0.432. Looking at these 

coefficients, it may be said that the model predicts the dependent variable 

(multimorbidity) not well. The absolute value of β in Table III indicates the order 

of importance of the independent variables. The variable with the highest β value 

is relatively the most important independent variable. The standardized 

coefficients β show that the prevalence of multimorbidity among women aged 

between 15-49 years is found to be significantly explained by the 30-49 age group 

(β = 0.418, p<.05) and non-poor (β = 0.453, p<.05).  Examining the contributions 

made by the independent variables in the model to the model, it is found that non-

poor (β = 0.453) has made the biggest contribution. 
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TABLE IV 

REGRESSION RESULTS OF MULTIMORBIDITY FOR URBAN WOMEN IN 

DEGRADED AND DESERTIFIED DISTRICTS IN INDIA 

Model 1 Unstandardized 

Coefficients 

Standardized 

Coefficients 

t Sig. 95.0% Confidence Interval 

for Beta 

Beta Std. Error Beta Lower 

Bound 

Upper 

Bound 

(Constant) -20.614 8.132  -2.535 0.014 -36.860 -4.369 

30-49 age group 0.744 0.124 0.637 5.998 0.000 0.496 0.991 

Non-poor 0.029 0.070 0.047 0.410 0.683 -0.112 0.169 
No education 0.238 0.083 0.316 2.862 0.006 0.072 0.405 

Land degradation -0.026 0.035 -0.073 -0.747 0.458 -0.095 0.043 

Dependent Variable: Multimorbidity. R = 0.631, R2 = 0.398, F (4, 64) = 10.592, p = 0.00 

From Table IV it appears that the two independent variables in the standard 

model are significantly predictive of the dependent variable (multimorbidity) to 

the ANOVA statistics [F(4, 64) = 10.592, p<.05]. In consequence of the standard 

regression analysis, the model’s degree of predicting the dependent variable is R 

= 0.631. The model’s degree of explaining the variance in the independent variable 

is R2 = 0.398. The coefficients reveal that the model does not predict the dependent 

variable (multimorbidity) well. The absolute value of β in Table IV indicates the 

order of importance of the independent variables. The variable with the highest β 

value is the relatively most important independent variable. The standardized 

coefficients β show that the prevalence of multimorbidity among women aged 15-

49 years can be significantly explained by the 30-49 age group (β = 0.637, p<.05) 

and no education (β = 0.316, p<.05).  Examining the contributions made by the 

independent variables in the model to the model, it is found that the 30-49 age 

group (β = 0.637) has made the biggest contribution. 

V. DISCUSSION 

In urban areas, non-communicable diseases such as diabetes, obesity, etc., 

have been on a constant rise. One of the reasons is changes in food consumption 

patterns among the urban population. It has been observed that consumption of 

junk food is high in urban centres. It increases obesity, overweight and implicitly 

affects the probability of cancer, diabetes, etc. Lack of physical exercise is also a 

major factor for increasing multimorbidity in cities. It has also been noted that air 

and water pollutions are high in urban areas/cities, resulting in health problems 

like respiratory diseases. Land degradation also reduces air quality and makes the 

population more vulnerable to health hazards. It has been well acknowledged that 

urbanisation is one of the major drivers of global land degradation. It needs to be 

noticed that urbanisation increases both multimorbidity and land degradation. 
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Thus, the potential link between urbanisation, land degradation, and 

multimorbidity is to be investigated through more field studies and empirical tests. 

In rural and urban areas, the prevalence of multimorbidity increases as women 

get older (Table IA). The findings of the study highlight the challenges of 

multimorbidity among women aged 30-49 years, irrespective of class differences. 

It is surprising to notice that 76 per cent of women belonging to rich households in 

urban areas suffer from multimorbidity. The policymakers and health experts must 

give more importance to the health of women. 

VI. CONCLUSIONS 

Land degradation has allegedly increased the vulnerability to health hazards 

and infectious diseases in urban and rural areas. This paper examines the 

prevalence and factors associated with multimorbidity in women aged between 15 

and 49 years in 75 degraded and desertified districts in India. The regression 

analysis indicates that, among all explanatory variables, ageing and high income 

contribute to multimorbidity in women aged between 15 and 49 years. However, 

the empirical findings of the causal relationship between multimorbidity 

prevalence in urban and rural areas could not be established. Therefore, further 

analysis of the cause and effect of land degradation and multimorbidity prevalence 

among men, women, and children of different age groups needs to be undertaken 

across degraded and non-degraded areas to draw credible conclusions. The status 

and effect of land degradation need to be taken into consideration for anti-

multimorbidity programmes in India once the causality is established from such a 

comparative study.  
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APPENDIX 

TABLE A1 

DISTRICT WISE SPATIAL EXTENT OF THE LAND  

DEGRADATION IN INDIA, 2011–2013 

S. 
No. 

State Extent of Land Degradation (as a % of the mapping unit affected)*  No. of 
Districts Low (0–25%) Medium (25–50%) High (50–100%) 

1 Andhra Pradesh 
 

 Anantapur (64.41) 1 
2 Arunachal 

Pradesh 
Tirap (14.97) Tawang (45.49)  2 

3 Assam Kokrajhar (10.60), 
Golaghat, (15.80), 
Hailakandi (17.74) 

  3 

4 Bihar Sitamarhi (2.01), 
Samastipur (3.16) 

Bhabua (31.70)  3 

5 Chhattisgarh Durg (8.01), 
Rajnandgaon (10.73), 
Raipur (16.70) 

  3 

6 Goa   North Goa (50.25) 1 
7 Gujarat  Bhavnagar (35.64), 

Sabar Kantha (31.63) 
Panch Mahals 
(52.07), 
Surendranagar 
(51.47) 

4 

8 Haryana Sirsa (10.34), Bhiwani 
(15.85) 

  2 

9 Himachal 
Pradesh 

Kangra (19.62)  Kinnaur (72.33) 
Lahul and Spiti 
(80.54) 

3 

10 Jammu and 
Kashmir 

 
Badgam (37.16) 
Kathua (48.69) 

Kargil (78.23) 3 

11 Jharkhand  Paschim Singhbum 
(46.49) 

Giridh (73.79) 
Bokaro (67.25) 

3 

12 Karnataka  Chamarajanagar 
(47.10), Bellary 
(41.88) 

 2 

13 Kerala Palakkad (7.50), 
Kasaragod (11.57) 

  2 

14 Madhya Pradesh Ratlam (21.09) Morena (35.73), 
Neemuch (34.63) 
Dhar (25.56) 

 4 

15 Maharashtra  Sangli (45.81) Dhule (64.20), 
Ahmednagar 
(56.50) 

3 

16 Manipur  Churachandpur 
(49.10), Chandel 
(33.98) 

 2 

17 Meghalaya Jaintia Hills (23.16)  West Khasi Hills 
(53.01) 

2 

18 Mizoram  Lunglei (32.32) Aizawal (52.83) 2 
19 Nagaland  Wokha (36.59) Kohima (62.43) 2 
20 Odisha  Mayurbhanj (43.22) Bargarh (61.36), 

Koraput (55.35), 
Kendujhar (52.97) 

4 

21 Punjab Hoshiarpur (3.32)   1 
22 Rajasthan Dausa (23.93) Pali (37.51), Ajmer 

(31.70) 
Jaisalmer (92.96) 4 

(Contd. Table A1)  
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S. 
No. 

State Extent of Land Degradation (as a % of the mapping unit affected) *  No. of 
Districts Low (0–25%) Medium (25–50%) High (50–100%) 

23 Sikkim North Sikkim (15.95), 
West Sikkim (15.95), 

South Sikkim (15.95), 

East Sikkim (15.95) 

  4 

24 Tamil Nadu Virudhunagar 

(10.07), Thirunelveli 

(18.29) 

Krishnagiri (48.05), 

Dharmapuri 

(44.00) 

Theni (51.06) 5 

25 Telangana  Mahabubnagar 

(25.79) 

 1 

26 Tripura  West Tripura 
(47.34), South 

Tripura (31.88) 

 2 

27 Uttar Pradesh  Etawah (42.06), 

Chitrakoot (27.67), 

Kanpur (25.78) 

 3 

28 Uttarakhand Pauri Garwal (5.08) Chamoli (32.25)  2 

29 West Bengal 
 

Bankura (33.35) Purulia (57.09) 2 

 Total 25 30 20 75 

Source: Space Applications Centre, Indian Space Research Organisation, 2018. 

Notes: * The extent of land degradation is classified into three groups based on Bot, Nachtergaele, and Young 
(2000).  

** Values in parentheses are the percentage of the mapping unit affected by land degradation in each district. 
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TABLE A2 

THE WEIGHTED PREVALENCE OF MULTIMORBIDITY AMONG WOMEN 

AGED 15–49 YEARS IN URBAN AND RURAL AREAS OF 75 DEGRADED AND 

DESERTIFIED DISTRICTS IN INDIA 

Sl. 

No. 

Name of 

Districts 

Prevalence of 

Multimorbidity 

among Women 

Aged 15-49 Years, % 

Name of 

Districts 

Prevalence of 

Multimorbidity 

among women Aged 

15-49 Years, % 

Name of 

Districts 

Prevalence of 

Multimorbidity 

among women Aged 

15-49 years, % 

Urban Rural Total Urban Rural Total Urban Rural Total 

1 Ahmadnagar 20.9 13.4 15.1 Golaghat 21.1 16.4 17.0 Palakkad 25.0 19.3 20.6 

2 Aizawl 15.1 11.1 14.3 Hailakandi 26.5 10.0 11.4 Pali 18.3 8.9 11.2 

3 Ajmer 18.8 11.4 14.3 Hoshiarpur 29.4 29.3 29.3 Panchmahal 20.8 11.8 13.3 

4 Anantapur 32.5 16.6 22.0 Jaintia hills 7.3 12.9 12.3 Paschim 

Singhbhum 

23.3 15.4 16.8 

5 Badgam 38.9 28.5 30.5 Jaisalmer 9.9 7.3 7.6 Puruliya 20.6 12.2 13.5 

6 Bankura 21.2 15.1 15.7 Kaimur 

(Bhabua) 

33.3 11.6 13.1 Raipur 20.0 11.5 14.7 

7 Bargarh 26.3 16.8 17.6 Kangra 5.2 26.8 26.1 Rajnandgaon 10.6 5.4 6.4 

8 Bellary 17.8 13.9 15.5 Kanpur Dehat 17.4 8.7 9.6 Ratlam 29.8 13.7 19.2 

9 Bhavnagar 25.7 20.8 22.7 Kargil 14.1 14.3 14.3 Sabarkantha 19.5 14.0 14.9 

10 Bhiwani 28.0 18.8 20.7 Kasaragod 17.8 17.5 17.6 Samastipur 22.6 11.3 11.8 

11 Bokaro 20.6 12.0 16.4 Kathua 29.7 15.7 17.6 Sangli 29.8 20.9 23.5 

12 Chamarajanaga

r 

25.2 13.5 15.9 Kendujhar 22.7 14.7 16.1 Sirsa 23.6 15.9 18.0 

13 Chamoli 21.2 9.1 11.1 Kinnaur  29.2 29.2 Sitamarhi 18.9 14.2 14.6 

14 Chandel 18.3 12.4 13.4 Kohima 16.4 16.4 16.4 South district 24.1 14.3 16.2 

15 Chitrakoot 12.8 6.3 7.3 Kokrajhar 32.2 18.2 19.1 South Tripura 25.7 16.0 17.5 

16 Churachandpur 14.3 11.8 12.0 Koraput 20.7 14.0 15.1 Surendranagar 25.8 17.1 19.8 

17 Dausa 12.4 5.4 6.4 Krishnagiri 26.4 14.3 17.5 Tawang 28.6 23.4 23.9 

18 Dhar 19.3 12.5 14.2 Lahul & Spiti  26.2 26.2 Theni 27.2 24.0 26.0 

19 Dharmapuri 28.8 23.9 25.2 Lunglei 20.4 14.1 17.0 Tirap 9.7 7.4 7.9 

20 Dhule 21.1 12.7 14.7 Mahbubnagar 32.0 16.1 18.3 Tirunelveli 34.8 29.3 32.1 

21 Durg 21.7 13.5 16.9 Mayurbhanj 32.7 13.9 15.5 Virudhunagar 35.6 24.6 30.0 

22 East district 23.2 20.5 22.0 Morena 13.3 9.6 10.8 West district 19.2 18.0 18.1 

23 Etawah 15.5 8.7 10.6 Neemuch 19.4 16.3 17.2 West Khasi 

hills 

12.7 10.0 10.4 

24 Garhwal 15.2 14.7 14.7 North district 21.7 22.6 22.5 West Tripura 28.2 20.7 23.9 

25 Giridih 14.4 9.7 10.2 North Goa 23.9 19.7 22.3 Wokha 18.0 15.4 16.6 

Total          23.8 14.9 17.2 

Source: Space Applications Centre, Indian Space Research Organisation, 2018 and National Family Health Survey, 2015–16. 


